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onsider the Conditional Least Squares Estimation (CLSE) of the unknown parameter
θ ∈ R

p of a general sto
hasti
 regression model Yn = fn(θ) + ηn, where Yn ∈ R, Yn is Fn-measurable, fn(θ) = Eθ(Yn|Fn−1), and Fn−1 is generated by {Yk}k≤n−1, {Ek}k≤n, Ek beingan exogenous pro
ess su
h as environment or 
ovariables. This 
lass of models in
ludes manywell-known models su
h as nonlinear regression models, autoregressive pro
esses (ARMA,. . . ),size-dependent bran
hing pro
esses, regenerative pro
esses,. . . .We assume that fn(θ) = f
(1)
n (µ)+f

(2)
n (µ, ν), where f

(1)
n (µ) = O(fn(θ)) is the persistent part ofthe model, as n → ∞, while f

(2)
n (θ) = o(fn(θ)) is the transient part. We give simple 
onditionson the model leading to the strong 
onsisten
y of the CLSE of µ and the weak 
onsisten
y ofthe CLSE of ν although θ = (µ, ν) is not asymptoti
ally identi�able. Examples are given inregression and in size-dependent bran
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